Exploring the potential
of Al to enable data-
driven impact in local
communities

caitin@datakind.org
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DataKind builds scalable
solutions to advance
social good.

DataKind’



DataKind’s reach

DataKind’

Millions of
dollars
redeployed
to
communities

150+

research
citations

450
projects in
past 13
years

DataKind
software
deployed
in 35+
countries



1. Solve the right problem

2. Plan for solution sustainability
from the start

3. Meet your users where they are

4.Realize Al can take many shapes,
and It Is just one tool In our

collective toolbox
DataKind®



“IFYOU ADD DIGITAL,

ON TOP OF A THING THAT IS BROKEN, Solve the right
YOU WILL HAVE A BROKEN DIGITAL THING.” problem

Image source: Heather Burns, via Patrick Meier
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https://twitter.com/WebDevLaw/status/1372224859124731906?s=20

The need for
humanitarian aid Is

enormous, urgent, and
Increasing.
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Access to timely, reliable
data can help.

DataKind’
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DataKind®
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Data Skills

Capacity
Data Availability

Conversational Data Analysis

Jol (N

Data Discovery Metadata prediction
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.!' Place name disambiguation Human-in-the-loop review

and automated validation
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Security and Privacy G



Recipes Adwin

i

New Recipes Code + Data insight
Doto insight

End User ¢

Codling Environment Interface

7< Code +
Python

A Re,c,‘.pe,s c

New/Edited Recipes Code + Recipes code +

Chat Wistery Dato insight
Results (to save) results

(e previeus result,
or nesdy executed recipe result)
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DataKind®

C @ localhost:8000

The Humanitarian Al
Assistant was created
with seven
humanitarian
organizations,
representing 80% of
humanitarian
response globally.
HDIP simplifies
decision-making by
simplifying access to
thousands complex
datasets.

Hi. I'm your humanitarian Al assistant.



http://drive.google.com/file/d/1eL6XphbKGZXEuilNKJayvH9aPKWgByMT/view

ALL MODERN DIGITAL
INFRASTRUCTURE

A PROJECT SOME
RANDOM PERSON
IN NEBEASKA HAS
BEEN THANKLESSLY
MAINTAINING
SINCE 2003

Image source: xkcd, cc-by-2.5-nc
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https://twitter.com/WebDevLaw/status/1372224859124731906?s=20
https://xkcd.com/2347/

‘ moulton niguel
water district
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Water Demand Forecaster Recycled water supphy and demand About

The Water Demand
Forecaster ConneCtS Linear regression
municipal data with

external climate and umber of dasof sy

weather data to build
a forecast using |
machine learning to st e
predict demand so as §&
to manage local

supply effectively. e @

Amount Delivered (mg)

Max daily recycled water supply (mg)
10 Between today and 2016-12-17 there is a
Max daily storage supply (mg) 5 u p erc Ent c h ance
demand will exceed supply for

at least 0 days

Demand excess probabilicy Nmit (%)

DataKind’



Annual Trends: Budget vs Usage

Gain clarity on water usage by Budget ® Usage ® Over Budge!
setting goals, analyzing trends,

and benchmarking customer

usage with precision

@ Calculate your Water Use Objective to stay on track
@ Gain insight, then act decisively
& Compare customer usage to budgets or neighbors for reference

@ Track usage over time, seasonally, & with local weather comparison

LIFORNIA

DataKind’



/ Cognitive Friction

/ Interaction Friction

Image source: Sachin Rekhi via Tyler Wince
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https://twitter.com/WebDevLaw/status/1372224859124731906?s=20
https://www.productsolving.com/p/removing-friction-isnt-always-good

@ Welcome - FEAT

User-driven design includes:

23 featapp.org

e no-code interface _—
. . =W ca DataKind Upload Data Use Eviction Lab Data Login Register
e single sign on
e drag-and-drop upload e ! d Eviction Analvsis Tool (FEAT
Ny - oreclosure and Eviction Analysis Tool ( )
e activity dashboard with Y
| . FEAT helps local leaders better understand housing loss in their communities. Policymakers, city and county

Saved ana ySIS government officials, journalists and community advocates can use FEAT to better understand where and

P Vi su al iZ a.t| ons, an aIyS| S, an d wﬁen housing los.s is occurr'mg, and V\.Ihf) is most.lmpacte'd. By geocoding ev1c't10n and f'oreclosure data,
adding demographic and socioeconomic information to this data, and conducting analysis, FEAT produces
Inte rp retations fO I eacC h insights that will help communities track and prevent housing loss over time.

upload
: _ A
e accessible analysis of

Eviction Lab data without

upload for 9 states and 29 How to use FEAT
C I tl e S s h 2 Step1. Collect your locality’s eviction ﬁl‘*ng, eviction judgment, and/or mortgage f
data in a .csv. Each eviction and foreclosure record must at minimum include a date a8

address.
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http://drive.google.com/file/d/1tgwjh2R8FfRFp-E7KYYVwEXiJStSTSyA/view

November 2024 all-up reporting

DataKind’



In Florida, this led to disaster resilience assessments and an
Interactive dashboard designed to help understand the risk of
affordable housing loss post-disaster.
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level 1: low

Department of Homeland Security, 2022


https://www.dhs.gov/medialibrary/assets/photo/38217

This also led to a now-national tool called HI Equity (health
indicators for equity) that enables access standardized data on

target communities of impact and

Second Harves

OF CENTRAL FLORIDA

HEALTH
& HUNGER
TASK FORCE

OF CENTRAL FLORIDA
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http://drive.google.com/file/d/1L5Ope-tbK-jfg0OkD1iWQivgNnwFHOHI/view

Image source: Hans Hollein, via Scott Berkun
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https://twitter.com/berkun/status/1397297374985220096?s=20

Thank you

DataKind®



Resources (representative)

 Products

https://www.colandrcommunity.com/

https://www.featapp.orqg/

https://hiequitymap.org/

https://github.com/datakind/Data-Observation-Toolkit

https://hdip.datakind.orqg

 Publications

https://digitalcommons.wcupa.edu/jarihe/vol7/iss1/2/

https://academic.oup.com/oodh/article/2/Supplement 2/ii25/7911912

https://www.tandfonline.com/toc/ucha?20/34/3

https://conbio.onlinelibrary.wiley.com/doi/10.1111/cobi.13117

https://ssir.org/articles/entry/how the social sector can use natural lan

guage _processing

https://www.weforum.org/stories/2024/10/digital-technology-framework-

advancing-data-equity/

DataKind’


https://www.colandrcommunity.com/
https://www.featapp.org/
https://hiequitymap.org/
https://github.com/datakind/Data-Observation-Toolkit
https://hdip.datakind.org/
https://digitalcommons.wcupa.edu/jarihe/vol7/iss1/2/
https://academic.oup.com/oodh/article/2/Supplement_2/ii25/7911912
https://www.tandfonline.com/toc/ucha20/34/3
https://conbio.onlinelibrary.wiley.com/doi/10.1111/cobi.13117
https://ssir.org/articles/entry/how_the_social_sector_can_use_natural_language_processing
https://ssir.org/articles/entry/how_the_social_sector_can_use_natural_language_processing
https://www.weforum.org/stories/2024/10/digital-technology-framework-advancing-data-equity/
https://www.weforum.org/stories/2024/10/digital-technology-framework-advancing-data-equity/

A few
favorite
GenAl
resources
from
DataKind’s
community

DataKind webinar introducing GenAl

Algorithmic Justice League’s (AJL’s) equitable &
accountable Al Definition

Report on GenAl for humanitarians

WEF Data Equity: Foundational Concepts for
Generative Al

Technical blogs for DataKind’s GenAl project work

Ted talk on “The maagical Al assistants of the future —
and the engineering behind them”

A Matrix for Selecting Responsible Al Frameworks

DataKind’s Playbook

DataKind


https://www.youtube.com/watch?v=OgKQZG1uTV0&t=5s
https://www.ajl.org/learn-more
https://www.ajl.org/learn-more
https://href.li/?https://app.box.com/s/ybwizbcdxknn2cw8td08hcnl5hc1cl2e
https://www.weforum.org/publications/data-equity-foundational-concepts-for-generative-ai/
https://www.weforum.org/publications/data-equity-foundational-concepts-for-generative-ai/
https://medium.com/@astrobagel
https://www.ted.com/talks/harrison_chase_the_magical_ai_assistants_of_the_future_and_the_engineering_behind_them?utm_campaign=tedspread&utm_medium=referral&utm_source=tedcomshare
https://www.ted.com/talks/harrison_chase_the_magical_ai_assistants_of_the_future_and_the_engineering_behind_them?utm_campaign=tedspread&utm_medium=referral&utm_source=tedcomshare
https://cset.georgetown.edu/publication/a-matrix-for-selecting-responsible-ai-frameworks/
https://playbook.datakind.org/
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